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Abstract

Generative artificial intelligence (Al) is increasingly used in medical education to
explain concepts, discuss clinical cases, and provide feedback. Yet awareness of
Al's limitations does not necessarily enable learners to evaluate individual
outputs accurately. This correspondence distinguishes Al literacy and readiness
from observed performance in judging Al-generated clinical information.
Existing studies suggest that learners may struggle to identify inaccurate or
misleading outputs, while findings on advice-taking and Al-supported teaching
vary by task and outcome. General warnings and self-reported readiness scores
alone cannot demonstrate reliable appraisal of a particular recommendation.
Medical education therefore needs a clearer account of what constitutes context-
sensitive evaluation of Al-generated information and how such judgement
should be recognized.
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To the Editor,

Generative artificial intelligence (Al) is increasingly
used in medical education to explain concepts, discuss
cases, and provide feedback. These opportunities also
ask learners to judge whether a particular output is
trustworthy in its clinical context Al-literacy
frameworks appropriately emphasize critical appraisal
and awareness of system limitations [1, 2]. However,
knowing that Al can make mistakes is not the same as
recognizing a specific error, and model-level
performance does not establish a learner’s ability to
evaluate individual recommendations.

Studies of Al literacy and readiness illustrate this
distinction. In a two-centre study of 377 German
medical students, self-reported critical appraisal and
practical use were rated more highly than technical
understanding; the study assessed literacy and attitudes
rather than students’ observed performance when
checking clinical advice [2]. A Persian version of the
Medical Artificial Intelligence Readiness Scale for
Medical Students has also undergone psychometric
evaluation [3]. Such instruments can characterize
readiness and support curriculum planning, but their
scores should not be treated as direct evidence of
competent evaluation in practice.

Model performance is a separate issue. In an
evaluation using Iranian pre-internship examinations,
GPT-4 outperformed the other tested language models,
with performance varying by model and language [4].
These findings describe examination performance
under specific test conditions; they do not show that
every output is correct or that learners can reliably
identify errors in otherwise plausible responses.

Direct studies of output evaluation raise concerns.
Waldock et al. asked 148 final-year medical students to
assess GPT-3.5 responses to ten clinical questions, five of
which were answered incorrectly. The median
proportion of outputs correctly evaluated was 61%;
when vague or inaccurate justifications were excluded,
itwas 56% [5]. The study highlights a practical difficulty,
but it did not establish the effectiveness of a particular
teaching intervention. In a different population, a study
of general-practice trainees reported 55% mean
accuracy in identifying hallucinated ChatGPT-40
responses [6]. As these participants were trainees
rather than undergraduate medical students, the result
is relevant context, not a direct estimate for medical
students.

Evidence also cautions against describing learners as
uniformly over-reliant on Al In a study involving 40
medical students, responses shifted toward ChatGPT’s
answers whether those answers were correct or
incorrect, and group discussion did not reliably correct
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Al-associated misconceptions [7]. By contrast, a
randomized trial involving 186 fourth-year medical
students found that a prominent warning that ChatGPT
can make mistakes did not change diagnostic advice-
taking (15.3% without the warning versus 15.9% with
it). The investigators reported low weighting of Al
advice in the task [8]. These results suggest that reliance
depends on the task and context; neither habitual
acceptance nor blanket rejection should be assumed.

Findings from Al-supported teaching are similarly
difficult to interpret as evidence about calibrated
reliance. In a randomized trial of 129 first-year medical
students, ChatGPT-generated feedback and expert-
written feedback produced no significant overall
difference in clinical-reasoning scores immediately after
teaching or at ten-day follow-up, although expert
feedback performed better for more complex urinary-
tract-infection cases [9]. A 2025 meta-analysis of 11
randomized ftrials involving 786 medical students
likewise found no statistically significant pooled
difference in knowledge acquisition between
generative-Al-based  and  traditional  teaching
(standardized mean difference 0.27, 95% CI -0.31 to
0.85); the authors noted heterogeneity and
methodological limitations [10]. These findings concern
learning outcomes broadly and do not, by themselves,
resolve how well learners judge the reliability of
individual Al outputs.

The defensible gap is therefore not an absence of
research on Al literacy, readiness, output evaluation, or
Al-supported teaching. Rather, it remains unclear how
reliably educational preparation translates into sound
judgement about Al-generated information in context.
This distinction matters because appropriate reliance is
neither maximum trust nor maximum skepticism: it
involves considering an Al response in light of the case,
available evidence, and uncertainty. Earlier research on
automation bias also shows that decision-support
systems can contribute to error when verification is
difficult, although much of that evidence predates
generative Al [11].

Medical education should consequently distinguish
self-reported familiarity from demonstrated judgement
and avoid equating confidence, satisfaction, or general
learning gains with reliable appraisal of Al-generated
information. The aim should be informed, context-
sensitive use not unquestioning acceptance, and not
reflexive rejection. Whether current educational
approaches consistently achieve that aim remains an
important unanswered question.
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